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Abstract: The digital age has changed the way businesses are run today. Technology is not just a priviledge but also a
necessity. The recent pandemic has given important lessons to business to be proactive and advanced in technology.
Customers occupy the centrestage in any business and giving them solutions promptly for their queries can leave a
positive impression and lead to long term customer enagagment. For this, a trained team of employees are required who
can give their services incessantly. However, the rising employee retention costs have impacted the profit margins of
organisations and more human intervention becomes a hurdle in standardization of processes. Therefore, organisations
are roping in artificial intelligence to be more efficient and cost effective. Chatbots are artificial intelligence softwares
that have enabled organisations to give answers to customer queries online. The study intends to examine the significant
factors in determining customers' intentions to use chatbots. This paper aims to understand the role of user experience,
performance expectancy, effort expectancy, and trust in customer chatbot use intentions from the Indian point of view.
A structured questionnaire was utilized to gather data for testing the proposed model, which was conceptualized based
on extant literature on technology acceptance and consumer behavior. A survey response of 354 respondents was taken.
In order to test the constructs, the collected data was analyzed through AMOS 21. The research findings depicted the
positive impact of user experience, trust performance expectancy, and effort expectancy on customer intention to use
chatbots, which influences actual usage. This paper empirically demonstrates the relationship among various variables
affecting customer intentions to use chatbots. Since the paper uses data collected from a sample not randomly selected,
it may regulate the generalization of the results. This study intends to add to the current research gap in the existing
literature about customer intention to use chatbots, mainly in the Indian context. The research examined how positive
user experience, performance, effort expectancy, and trust affect customer intentions to take support from chatbots.
Keywords: user experience, performance expectancy, effort expectancy, trust, customer intention.
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Introduction. Digitalization and automation have become indispensable parts of modern-day businesses.
The global pandemic (COVID-19) led to lockdowns in many countries. Due to the lesser availability of
customer care executives, the companies depended heavily on chatbots to reduce the load of customer queries.
Organizations in India have adopted artificial intelligence (Al) in their working systems, like customer support
services, to achieve efficiency in processes and thus reduce costs. Customer satisfaction, in businesses today,
is considered the key to gaining success through achieving long-term competitive advantages, and customer
satisfaction is dependent on the company's services. Al enables companies to handle multifarious customer
queries and facilitate seamless customer technology experiences. Chatbot, an artificial intelligence software,
has become commonplace in almost all service web portals. During the pandemic, chatbots provided useful
information to millions of people about the disease and the precautions to take. The World Health
Organisational also launched its chatbot to alert people. Chatbots can be understood as computer programs
that use natural languages to interact with humans (Shawar and Atwell, 2007). In the era of artificial
intelligence, different modern changes like deep learning, machine learning, and artificial intelligence created
a revolution in the industry. Many conversational software agents like chatbots have been made functional by
natural learning. Chatbots have gained the huge interest of users because of being available as a popular
platform to get solutions to different issues. The channel gives power to businesses to reach their target
audience anywhere and anytime using this platform. Various developments in artificial intelligence and
machine learning have equipped chatbots with algorithms to train, guide, and implement solutions for
increasing the capabilities of users. Chatbots have been implemented for various purposes, such as providing
information, social and emotional support, entertainment, or linking users to other humans or machines
(Brandtzaeg and Folstad, 2017). Moreover, the specific cause for people to utilize chatbots is productivity,
meaning quicker answers with less effort. The paper intends to ascertain the impact of user experience,
performance expectancy, effort expectancy, and trust on chatbot use intention.

Literature Review. The different technological platform allows the modeling of product ecosystems and
Al to replicate the business scenarios of economy, market, and individual situations. The demand for various
artificial intelligence capabilities to create an interface with customers have been increased since it removes
human beings between customers and the company and provides services 24 hours. Modern chatbot software
has been constructed to imitate human communication capabilities to interact with users automatically. It
represents an innovative, modern way to provide customer assistance enabled by artificial intelligence. A
chatbot is based on artificial intelligence technigues that understand natural language and recognize concepts,
emotions, and constructs to provide meaningful responses.

With the never-ending technological development and its incorporation into user's life, the importance of
different technological models has increased. Extant literature has reported various theories and models to
explain the use intention concerning technologies. One of the most popular models relating customers'
attitudes to technology is the technology acceptance model (TAM). This model helps in understanding the
determinants of human behavior for acceptance and rejection of the potential of technology. TAM is
considered an extension model of TRA (theory of reasoned action). This model replaced the theory of
reasoned action attitude toward behavior and discusses perceived ease of use and perceived usefulness for
technology acceptance. TRA has undergone three phases: adoption, validation, and extension. Brandtzaeg and
Folstad, 2017 opine that the most commonly stated motivations for using chatbots were efficiency and
convenience. Moreover, they state that user experience, sense of newness, and social aspects can also be
significant motivators. Factors like user experience, effort expectancy, and performance expectancy are
considered to influence customer intention directly. Among them, user experience is considered the most
influential factor in the user's interface service design system (Venkatesh et al. 2003). User experience
examines the customer's reaction to new technology, which is critical to measure. Performance expectancy is
one of the key factors of the UTAUT model, i.e., the Unified theory of acceptance and usage of the technology
model. This model has attracted the substantial attention of many researchers in various fields of human
behaviors (Venkatesh et al., 2003, Bugembe, 2010; Tossy, 2014). User experience examines the customer's
reaction to new technology, which is critical to measure. Hartmann et al. (2008) presented a model of decision-
making to determine how people assess user interface aesthetics and quality. Numerous studies have compared
the measures of experience gained after observing but before utilizing a product to examine the gained after
use (Hassenzahl, 2004). This study proposes the following hypothesis:

H1: The user's experience significantly impacts users' intention to use chatbots.

The technology acceptance model (TAM) considers that perceived ease of use and perceived utility of
technology are the main determinants of users' attitudes towards the utility of technology, the resultant
behavioral intentions, and the actual use of technology. PEOU also influences the perceived utility of
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technology. Perceived utility (PU) is measured as the degree to which someone considers that using this
technology would modify performance. Perceived ease of use defines how easily that technology can work in
day-to-day life. These factors directly influence users' attitudes toward technology (Sanayei, Ansari;
Ranjbarian, 2010). Performance expectancy is the level to which a person identifies system benefits to achieve
job accomplishment (Venkatesh et al., 2003). The performance expectancy finds out the eventual usage and
acceptance of information systems. Various indicators include intrinsic and extrinsic motivation, perceived
usefulness, relative advantage, and output expectations of information technologies. Venkatesh et al. (2003)
stated that performance expectancy is considering the level to which a person trusts that utilizing the
technological technique would benefit the user for job performance. It is observed as a unique, significant,
and positive determinant of an individual's intention to recognize and utilize the information technology
system (Venkatesh et al., 2003). Performance expectancy is understood by reliability, integrity, and identity
assurance (Ho et al., 2003). Since the use of chatbots could be influenced by the expected performance, this
study recommends the undermentioned hypothesis:

H2: Performance expectancy positively affects users' intention to use chatbots.

Efforts expectancy is also considered one of the major factors that examine the ease level of using
information technology. It is because a positive relationship is present between achieved performance and put
effort (Ghalandari, 2012). Efforts expectancy is the extent of acceptance related to using any system in
decision-making (Venkatesh et al., 2003). Efforts expectancy is referred to as efforts needed to apply the
system irrespective of its simple or complex. Effort expectancy is an enormously significant determinant in
influencing the user intention to use (Giesing, 2003). McLeod et al. (2008) demonstrated that performance
expectancy and trust in software logic are loaded on the same factor. Like other artificial intelligence software,
chatbots intend to reduce human efforts. Therefore, this study proposes the hypothesis as follows:

H3: Effort expectancy positively affects users' intention to use chatbots.

Trust is essential for deciding the user's intent to adopt mobile technologies (Alalwan et al., 2017). Trust
has a substantial effect on the behavioral intention for the use of mobile learning. Although Kabra et al. (2017)
didn’t get any significant association between user trust and behavioral intention. Madsen and Gregor (2000)
described trust as the degree to which a customer is assured and eager to act based on suggestions, events, and
judgments. Trust of the buyer reduces the perceived risk, decreasing the buyer's intention for transactions in
business to the consumer market (Pavlou and Gefen, 2004). Trust negatively influences the perceived risk that
affects consumer intent to use the information interchange in the business environment (Nicolaou and
McKbnight, 2006). Perceived risk is a facilitating determinant in the relationship between behavioral intention
and trust (McLeod et al., 2008). Trust is a critical factor in the success of the online business (Corritore et al.,
2003). The purpose of chatbots is to simulate a human conversation in response to natural language input
through text or voice (Dale, 2016). As the usage of the network for e-commerce and information gain access
continues to grow, user faith in websites has come under examination. Chatbots are expected to play a crucial
role in customer assistance. Users’ trust in this kind of chatbot is vital for their uptake. As for innovative
technology like chatbots, trust is considered as the main component to rely on technology. Therefore, the
following hypothesis is proposed:

H4: Trust has a significant impact on users’ intention to use chatbots.

A person's intention to use technology is considered as a behavioral intention in the system of user
acceptance (Dillon and Morris, 1996). Knowledge of consumer behavioral intention toward using the internet-
based system has become very popular in recent years. Attitude is considered as an individual feeling to use
the technology, and the intention of using technology in the future will affect the actual utilization of a
technology-based system (Othman et al., 2019). Artificial intelligence-based advanced products would be
formulated in many ways and evaluated by consumers frequently as per technology evolution. However, the
development of technology and its relevance in different fields are not sufficient to confirm consumer utility
and search for potential advantages. Since use intention is reported to be a strong predictor of user behavior.
Therefore, the following hypothesis is proposed:

H5: User’s behavioral intentions to use chatbots positively affect the usage of chatbots.

Table 1 presents the summary of the hypotheses.

Table 1. Summary of hypotheses

Hypothesis Effect Type Relationship between construct (Direction)
H1 Direct User’s past experience — users’ intention to use chatbots
H2 Direct Performance expectancy ——p users’ intention to use chatbots
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Continued Table 1

Hypothesis Effect Type Relationship between construct (Direction)
H3 Direct Effort expectancy = users’ intention to use chatbots
H4 Direct Trust = users’ intention to use chatbots
H5 Direct User’s behavioral intentions = usage of chatbots

Sources: developed by the authors.

Methodology and research methods. The key objectives considered in this research are to study user
experience and trust's impact on customer intention to use chatbots. In order to study the influence of
performance expectancy and effort expectancy on customer intention to use chatbots and to ascertain the
relationship between customer intention and chatbot usage. The paper uses a structured questionnaire to
collect data for testing the proposed model. The questionnaire includes items related to user experience, effort
expectancy, trust, performance expectancy, and use intentions. Demographic details of the respondents were
also captured. Research items were calculated using a Likert scale of five points ranging from strongly
disagree (1) to strongly agree (5). A research questionnaire in Delhi and Jaipur included respondents with
experience interacting with chatbots. The online survey was arranged and was then sent to the respondents.
After comprehensive data cleaning, 354 responses were considered fit for analysis. Table 2 gives a sample
profile.

Table 2. Respondents profile

Demography particular No. of respondents %
Male 189 53.3
Gender Female 165 46.6
Total 354 100
Below 56 15.8
21-30 yrs. 134 37.8
Age in years 31-40 yrs. 123 34.8
41-50 yrs. 41 11.6

Total 354 100
Less than 1 52 14.7
. 1-2 173 48.9
Chatbot usage experience (years) More than 2 129 36.4
TOTAL 354 100

Sources: developed by the authors.

Figure 1 depicts the proposed model.
H1

User experience

Chatbots
usage

Performance expectancy

Customer
intention

Effort expectancy

Trust

Figure 1. Hypothesized research model
Sources: developed by the authors.

The study has derived four variables related to performance expectancy from Venkatesh et al. (2012), four
items from Venkatesh et al. (2012) for effort expectancy, three items from Corritore et al. (2005) for trust, and
three items from Venkatesh et al. (2012) for behavioral intention.

Results. Reliability is related to the extent to which the survey instrument constantly assesses constructs
across various instances. Reliability reflects the capability of numerous items to determine a single construct.
Cronbach’s a assessed to decide whether the items reliably calculate the particular construct, 0.60 as the
threshold value (Cohen, 1960; Cohen, 1988; Nunnally, 1967). Reliabilities for every construct were calculated
using SPSS. If a 0.60 threshold value was not encountered, items were eliminated until the threshold of 0.60
had been gained. The reliabilities relate to all multi-construct items. All items of the proposed model exceeded
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loadings 0.60, which is acceptable, having good construct reliability. Table 3 displays a summary related to
measurement scales.
Table 3. Measurement scales summary

Construct Variable Mean  Cronbach Alpha
UE1: My experience with chatbots has been satisfying.
User experience UE2: During my usage, | found chatbots reliable. 3.348 0.80

UE3: | always get my issues resolved through chatbots.

PE1: I find chatbots useful in my everyday life.

PE2: Using chatbots increases the likelihood of attaining things that

are important to me. 3.522 0.79

PE3: Using chatbots aids me in accomplishing things more quickly.

PE4: Using chatbots increases my productivity.

EE1: Learning to use chatbots is easy for me.

EE2: My interaction with chatbots is clear and understandable.

Effort expectancy ges. | fing chatbots easy to use. 3.426 0.76
EE4: It is easy for me to become skillful at using chatbots.

T1: 1 believe that chatbots are trustworthy
T2: | trust chatbots

Performance
expectancy

Trust T3: | believe that chatbots will not act in a way that will be harmful 2.387 0.74
to me
Behavioral BI1- | intend to continue using chatbots in the future.
. . BI2- | will always try to use chatbots in my everyday life. 2.457 0.72
intention .
BI3- | plan to continue to use chatbots.
CUL: | often use chatbots to get my queries answered.
Chatbots usage CU2: | always use chatbots as a preferred mode for interacting with 3.698 0.83

websites.
CU3: | like to use chatbots.

Sources: developed by the authors.

Table 4 depicts factor analysis. All eighteen items of dependent and independent variables demonstrated
loadings higher than the 0.60 threshold, which is acceptable and considered for model fit.

Table 4. Factor analysis
User’s_ past Performance Effort Trust _ User_s Chatbots usage
experience expectancy expectancy Intention
UE1l 0.723
UE2 0.680
UE3 0.683
PE1 0.712
PE2 0.659
PE3 0.750
PE4 0.767
EE1 0.609
EE2 0.743
EE3 0.815
EE4 0.727
T1 0.724
T2 0.709
T3 0.507
BIl 0.702
BI2 0.670
BI3 0.733
Cul 0.796
Cu2 0.870
CuU3 0.746

Sources: developed by the authors.

ltems
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Table 5 indicates a significant correlation between the variables. It is also evident that there is a significant
and positive correlation as the value of Pearson correlation is above 0.425 of all the variables.

Table 5. Correlation matrix

Construct User’s past Performance Effort Trust User's intention Chatbots usage
experience expectancy expectancy
User’s past 1
experience
Performance 0.491™ 1
expectancy
Effort 0.583™ 0.587" 1
expectancy
Trust 0.578™ 0.425™ 0.579™ 1
User's intention 0.522™ 0.679™ 0.470™ 0.517" 1
Chatbots usage 0.452" 0.539™ 0.598™ 0.580™ 0.544™ 1

Sources: developed by the authors.

The application of Structural Equation Modelling (SEM) has gradually expanded in the literature. The
SEM method starts with a version description that links up the variables to assume the effect of different
variables and the directivities of their effects (Kline, 2005). In order to evaluate the measurement model,
AMOS 21.0 was utilized. Evaluating the measurement model is a three-step process comprising the
calculation of two types of validity and consistency. Before proceeding with model fit measurement, the three
steps were performed to assess the accuracy better, i.e., by performing AVE (Average variance explained) for
each identified construct. 0.50 threshold is acceptable, suggested by Fornell (1981) as shown in Table 6. The
results table shows that the received values exceeded the applicable threshold 0.50, indicating that convergent
validity is acceptable. The average variance extracted has exceeded the accepted threshold .50 for each
construct, indicating that the convergent validity has been satisfied.

Table 6. AVEs and CRS

Construct No. of items AVEs CR
User’s past experience 3 0.82 0.86
Performance expectancy 4 0.73 0.80
Effort expectancy 4 0.78 0.89
Trust 3 0.65 0.62

User's intention 3 0.77 0.81
Chatbots usage 3 0.64 0.60

Sources: developed by the authors.

After performing discriminant validity in assessing model fit, the next step is to conduct discriminant
validity. It helps to confirm that the identified construct is not similar (Messick, 1987). AVESs square root is
larger than correlations, so discriminant validity is fully satisfied (Chin, 1998). Table 7 explains the
correlations and AVEs identified. Based on the measurement model, the values were acceptable and suitable
for further analysis.

Table7. Correlations of constructs and AVES

1 2 3 4 5 6
1. User’s past experience 0.78
2. Performance expectancy 0.67 0.88
3. Effort expectancy 0.44 0.67 0.79
4. Trust 0.15 0.27 0.19 0.83
5. User's intention 0.27 0.29 0.38 0.22 0.76
6. Chatbots usage 0.50 0.36 0.37 0.26 0.22 0.88

** Significance value of correlation at the 0.05 level (2-tailed). Overall measurement model fit related to the structural
model and hypothesis testing.
Sources: developed by the authors.

203



Marketing and Management of Innovations, 4, 2022

fl ARMG PUBLISHING
ISSN 2218-4511 (print) ISSN 2227-6718 (online)

“Thinking ahead”

S sciendo

The model with observable and unobservable variables with the overall model measurement was then
checked. The goodness fit indices (Table 8) related to the structural model suggest the hypothesized model
that sufficiently fits the definitive model has satisfactory values.

Table 8. Measurement model

Goodness of fit-indices Initial Final
CMIN/DF 3.819 1.548
GFI 0.579 0.911
TLI 0.499 0.935
CFI 0.605 0.935
RMS 0.070 0.040
IF 0.410 0.921

Sources: developed by the authors.

The reported SEM results are evaluated based on the projected path coefficient  value, p-value < 0.05
applied here to decide the path coefficient's importance. The B value for the constructs is above 0.3 (Table 9),
which is acceptable.

Table 9. Significance test
Summary of hypothesis testing and model parameters

. Results
Hypothesis Paths Effect type Standardised p p Value Result
H1 UE -1 (+) Direct 0.359 <0.01 Supported
H2 PE— I (+) Direct 0.323 <0.01 Supported
H3 EE—I (+) Direct 0.471 <0.01 Supported
H4 T— 1(+) Direct 0.451 <0.01 Supported
H5 I— CU((#) Direct 0.305 <0.01 Supported

Sources: developed by the authors.

Conclusions. The research adopted a conceptual framework developed based on earlier research. The
research analyzed the impact of user experience, performance expectancy, effort expectancy, and trust on
customer intention to use chatbots keeping the Indian perspective in the backdrop. Effort expectancy and trust
have emerged as the most significant factors affecting the intentions to use chatbots. Positive user experience
substantially impacts customer intention to utilize chatbot services. If customers have positive and pleasant
direct and indirect experiences with chatbot services, they will consider using this platform for future
purposes. Performance expectancy positively affects customer intentions. A positive and significant impact
of effort expectancy is also found in chatbot services. Customers are believed to always look for benefits
against their efforts to use technology services. If they get maximum benefits, they will use chatbot services,
which will recommend them to others. The overall positive customer intention developed on different
behavioral dimensions would increase the use of chatbot usage for taking services to resolve many
technological and non-technological issues. The research attempted to understand the factors affecting chatbot
usage among consumers. The artificial intelligence-based chatbot application system, considered an advanced
dialogue system, would automate the complete business processes. Therefore, it is imperative to understand
the antecedents of chatbot use intentions. The digital environment in India has developed manifold over the
past few years. A modern and developed system is required to develop the industry mechanism for companies
to gain effective advantages and to make business processes functional. This system should have processing
subsystems to make the chatbot application more advanced.

The chatbot is useful in responding to customer queries and claims, selling products and services, and
making customers aware of the company’s offers. A chatbot can more accurately analyze the data than human
beings to predict market forecasts and customer risk. Companies need to realize that trust in technology
encourages its usage. Therefore, the interface should be designed to interpret the users' inquiries and requests
correctly. Also, research on the subject matter reports that another key factor that affects trust in chatbots is
their ability to provide helpful and informative responses. Therefore, web designers and businesses should
work on this aspect without fail. A chatbot responds to customers' various queries comfortably without
wasting the customer's time waiting in phone queues or sending repeated emails, reducing the customers'
efforts. The customers' efforts are lowered. Chatbot provides many benefits to companies, like reducing the
number of customer calls, lessening the cost of customer care handling, etc. A chatbot can offer an alternative
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to render customer services in a standardized way for standard or general queries while seeking human help
only when required for a customized solution. Embedding a chatbot service on a company’s webpage benefits
the company and the customer. However, the use of a chatbot depends upon the amount of trust it commands,
the effort, the performance expectancy, and the experience the customers have had regarding its interactions.
Future studies on chatbots can also be conducted considering customer-related factors, like demographics and
personality traits. Comparative studies could also be undertaken between chatbots based on consumer
preferences and chatbot features.
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Bukopucranis 4ar-60TiB y Hn()poBoMy CycHiIibCTBi: poss 10Bipu

Hudpodizamis cnpoBoKyBaja JaBUHOMONIOHI 3MIHM y BCIX CeKTOpaX eKOHOMikH. Hapa3i BIpoBamKeHHS
TEePXHOJIOTIYHHUX DillleHb Y Oi3HeC-MisUTbHICTh € HEOOXiqHOI YMOBOIO 3a0e3MeueHHS KOHKYPEHTOCTIPOMOXKHOCTI. Kpim
TOTO TaHIEMisl KOpOHaBipycy iHTeHCH(iKyBama MOIIMOPEHHS HU(PPOBUX TEXHOJOTiH y Oi3Hec cexTopi. 30Kpema,
BUKOPHUCTAHHS 1HTEPAKTUBHUX NporpaMHUX Iuiatgopm (4ar-00TiB) JO3BOJISE TOJNETIIMTH KOMYHIKAIliiHI TporecH
KOMIIaHi, a TAKOX MiHIMi3yBaBTH BUTpaTH Ha KOMYHIKAIiO 31 crioxkuBayamu. TOMY opraHizailii BHKOPHCTOBYIOTh
MITYYHAN IHTENEKT, mo0 OyTH OLThIl e€(eKTHBHUM i €KOHOMIYHO BHUTiTHHM. YaT-00TH — IIe TpoTrpaMHe
3a0e3reyeH s 31 MITYYHUM IHTEJIEKTOM, SKe J03BOJIAE OpraHi3allisiM JaBaTH CBOE€YACHI BIAMOBII Ha 3aMUTH
KiieHTiB B [HTepHETI. OCHOBHOK METOK MPOBEACHOTO JOCIIPKEHHS € BU3HAUECHHS BIUIMBY JOCBily, OUiKYBaHOI
PE3yIbTaTUBHOCTI, BUTPAUYCHUX 3yCHIIb Ta OBIPH CIIOXKHMBAYiB Ha 1X HAMIPH BUKOPHCTOBYBATH Be0-3aCTOCYHKH (4art-
00TH) 1T OKYIIKK TOBapiB Ta mochyr. [liArpyHTSIM Ui TIEpeBipKH BUCYHHTHUX B pOOOTI TIMOTE3 CTANX PE3yNbTaTH
aHkeTyBaHHA 354 pecnioHneHTiB 3 [Hail. CTPyKTy aHKeTH pO3pOoOJICHO Ha OCHOBI HasBHUX HAayKOBHX HallpallfOBaHb,
TIPUCBSYCHUX MTUTAHHAM CHPUHHSATTS IHHOBALIMHIX TEXHOJOTIHN Ta IMOBENIHKA CII0KUBAYiB. AHAJI3 OTPIMAaHUX JaHUX
3MIHCHEHO 3a JOTOMOTOI0 mporpamMHoro 3abesmedeHHs AMOS 21. EMmipudai pe3ynpTaTé JOCHIHKEHHS 3aCBiIUNIN
TIO3UTHUBHHUH BIUIMB KOPHCTYBAIBKOTO IOCBIAY, OUiKyBaHOTO PiBHS JOBIPH Ta OUYiKyBaHHX 3YyCHJIb HAa HAMipH KIII€HTIB
BUKOPHUCTOBYBATH 4aT-00TH, 1110, CBOEIO YEProI0, BIUIMBAE HA iX (pakTHYHE BUKOPHUCTAHHA. J[OCTiIKEHHS eMITipUIHO
MiATBEPHKYE Ta TEOPETUYHO JTOBOIUTH B3a€EMO3B'SI30K MK PI3HUMH 3MiHHUMH, SIKi BIUIMBAIOTh HA HAMipU KIIi€HTIB
BUKOPHUCTOBYBaTH 4ar-00TH. HaBeneHO OCHOBHI 0OMEKEHHs 1HTepIIpeTanii OTpUMaHUX Pe3yJbTaTiB AOCIIKSHHS Ta
NOAaNbUIl HampsiMKU X ycyHeHHS. OTpuMaHi pe3ysbTaTH MalOTh TEOPETHYHHI BHECOK y 3allOBHEHHS MPOTaIMH
HAayKOBUX HalpalloBaHb, MPUCBIYCHUX JOCIIPKEHHIO (DAaKTOPIB, sSIKi BIUIMBAIOTh HA HAMIPH KJIIEHTIB BUKOPHCTOBYBATH
Cyd4acHi iHHOBaliiHiI Be0-3aCTOCYHKH KOMIIaHii, mepeBakHo, B IHii.

KarouoBi ciaoBa: KopucTyBanbKHi JIOCBiA, OUYiKyBaHa pPe3yJIbTaTHBHICTh, OWiKyBaHE 3YyCHILIS, JOBipa, HaMipu
KITi€HTA.
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